P 008 http://www.cqvip.com]

HEHLBL2E 2007Vol. 34Ne. 10

Myl ZREEBRREZE P A

FHE BAE
ChEMEMRAFEITENFER b3 100083)

m =
(B HEA¥ITENER K 410073)!

H OB BALIEHIRF FFEPOARBRIFOEE SRV ORE, CNERBEYAERELIRARAIR—
H, RRRLENETLONRIATAMEE PR EMEREEARNELRE, MERATERAFAIHERPRE A X
FORBRA, ERBRLEHAPRLSARBIRRANFLEA L LE, EAGRINT ETNEASBELE
HRANALRGEBE AIHB L ERREERTTRALGANE, R BX L ELFTURATFRERELRL S
HRBATEAENFHL, B TREREAEN IS NRARAROHREF A,

R R EE BT ESR, HIEL

. Outlier Detection Algorithms and their Availability to Data Streams Mining

SUN Yun' LIZhou-Jun? CHEN Huo-Wang ' .
(School of Computer, National University of Defence Technology, Changsha 410073)!
(School of Computer Science & Engineering, Beihang University, Beijing 100083)2

Abstract An outlier (also referred to as noise, novelty, anomaly, deviation, exception) is one that appears to deviate
markedly from other members of the dataset in which it occurs. The purpose of outlier detection is to find the anoma-
lous observation from datasets, With more and more massive data streams were generated in real-world application, the
problem of efficient outlier detection in data streams has received considerable attention in research of information sci-
-ence. In this paper, we summarized the literature of outlier detection, dissertated the algorithms of cutlier detection
comprehensively;-and discussed if these algorithms could be applied to outlier detection of data streams. Finally, we

presented the limitation of these algorithm and their future research topics.
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