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A New Method of Fisher Discriminant Analysis with Schur Decomposition

LIN Yu-Sheng YANG Jing-Yu
(Department of Computer Science, Nanjing University of Science & Technology, Nanjing 210094)

Abstract Feature extraction is one of the hot topics in the field of pattern recognition. In this paper, we point out the

weakness of the previous methods anda new method of Fisher discriminant analysis with Schur decomposition is pro-

posed. Conception of null space is introduced in this paper. Experimental results on ORL face database indicate that the

proposed method is valid,
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