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Time-Series Forecast Based on Bayes Network

QIN Peng XING Yong-Kang YANG Hua-Li
(College of Computer Science and Technology,Chongging University Chongging 400044)

Abstract Time Series Forecast problem is widely used in weather, astronomy, electric power, medicine, biology, e-
conomy, finance, computer etc, Now we use Bayes Network in Time Series Forecast, put forward and established a set
of based on Bayes time-series forecasting model -- static Bayes network forecasting model, dynamic Bayes network fore-
casting model and the classification static Bayes network prediction model. Experiments have shown that these three
models can more accurately describe users browsing features on Web., They are significantly better than traditional

time-series forecasting model in the forecast storage complexity and the accuracy rate.
Keywords Time series forecast,Bayes networks, Users browse forecast
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