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An Improved Algorithm of Data Mining Based on Association Rule of Frequent Itemstes

WU Zhen-Guang
(Department of Elementary Education, Hezhou University, Guangxi Hezhou 542800)

Abstract The Apriori algorithm is one of the most frequently used algorithms. Its inherent defects lead to inefficient

performance. In this paper, an improved method is proposed: only needs to scan whole database once during extracting

the frequent itemsets from large database. Therefore, this algorithm can efficiently reduce the I/O time, and rapidly

extract association rules which can meet requirements of users. Finally, the experiment results show: the proposed

method is effective,
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Input: Transaction DB

Output: All Itemsets

1 sacnDB;

2 Final_Binary_Tree FBT;

3 Temp_Binary_Tree TBT;

4 n=0, m=0;

5 forall transcation t contains DB do begin

6 analysisElements(transcation t);
7 forall item i contains TBT do

8 if (i contains FBT)

9 i, count++;

10 else

11 add i to FBT;

12 L. count=1;

13 end

14 clear TBT , n=0 , m=0;

15 end
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Input: transaction t
Output; t_all_Itemsets

16 if (t contains TBT) then
17 getNextElement();

18 else

19 add t to TBT;

20 n++;

21 getNextElement();

22 endif

23 if (m < > n) then

24 tn,= TBT. getitem{m];

25 m** H

26 if (tmfelements] == 1) then

27 getNextElement() ;

28 else

29 for(int i=1 ; i<{=tm[ elements] ; i+-+)
30 analysisElements(tm[ elements]—1);
31 end

32 endif
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