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Collaborative-filtering Recommendation Algorithm Based on Fuzzy Clustering for Domain Information Service
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Abstract In face of the increase of Web information and the number of user in financial information domain, present fi-

nancial information recommendation algorithm can’t meet the users’ information demand. After the analysis of present
collaborative recommendation algorithm, a algorithm which combines the fuzzy clustering and collaborative-filtering
method, based on the user- item rating-matrix, clusters user with similar interest in the way of fuzzy clustering is pres-
ented in this paper. It can stand for and forecast the personal information need with the information interest of the

group which these users belonged to. The algorithm can find new information and interest for financial user. From the

experiment result, the recommendation efficiency of algorithm is improved; it can meet the users’ information need in

the side of Multiple-interests and time.
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