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Research on Decomposition of Large Decision Table
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(School of Information Science and Engineering, Central South University, Changsha 410083)

Abstract The great quantity and complexity of data are difficulties in analysis of decision table. Decomposition is an ef-

fective tool to deal with large decision table, it can improve the efficiency and quality of data analysis. The problem in

large decision table analyzing and the necessity of decomposition are discussed in this paper, three standards are pro-

posed for evaluating the decomposition methods. Typical methods for decomposition of decision table are analyzed and

compared, several problems are pointed out for further research.
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