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Abstract One of the complicated problems in statistical natural language processing is the data-sparseness problem.
There are mainly two kinds of smoothing technologies to solve it, backing-off models and linear interpolated models.
This article compares several typical linear interpolated methods,and focuses on studying the relationship between the
smoothing parameters and the parts of speech. Besides, two improved methods are proposed. Our experiment results

show that both of them outperform original ones.
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