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A High Dimension Clustering Algorithm and its Application in Detecting Money Laundering

CHEN Yun-Kai LU Zheng-Ding LIU Fang GUO Jie
(School of Computer Science and Technology, Huazhong University of Science& Technology, Wuhan 430074)

Abstract From the point of view of technique, detectiing money laundering is process of data analysis. This paper first
proposes a hypergragh-based clustering algorithm to find out suspicious business mode about money laundering. And
then it discusses way of determination suspicious business. The algorithm could soclve the problems of 1)large volume
of data set; 2)data set of high dimension; 3)easy understanding of result. The algorithm has been employed in the

money laundering detection system, which is the first anti-money laundering system of our nation.
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