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Application of Data Mining in IT Infrastructure Monitoring
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Abstract We explore a new application of data mining technology in IT infrastructure monitoring system. To find in-
teresting patterns in historical data stored by monitoring system, including performance data and event data, we adopt
the standard data mining process described in CRISP-DM and use two methods, including the time series data mining

method and linear regression fit, Because of the specialties of this application, we improve the way of setting model pa-

rameter and induct a new index- load index-to improve the accuracy of model built by data mining method.
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