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A Study on the Method of Feature Selection in Chat Text
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(Chonggqing Technology and Business University, Chongqing 400067)! (College of Cor_nputer, Chongging University, Chongqgng 400044)2

Abstract Because online chat text is loosely and briefly organized and is context dependent, there are some defects to
select features by using traditional TFIDF (Term Frequency Inverse Document Frequency). Aiming at solving the
problem, this paper presents a method that the range of feature selection in chat text is obtained by using chat subjects,
and the validity of the method is verified through experiment.

Keywords Text mining, Chat text, TFIDF

1 518

XA IR BA F BB AR T AT E
BHASHAENEXNIR, ELB N BEEEEY —1
HEWRATMEEMNPF RS, CZHE TR HE
B, Bk B A FEER R K B U4 B ST B S E B
WK A, B ) R RIB L S BOUR B
RER AT R BT B BE ARG = RFEE BT
BRI B Web T %, XEXHTHAIHFE/EEVHR
B K ESERAEE, CTRESHENNESESHL
BT A, T X S SO R R A PTG B AR VE
5LHBEVRELEIGE . BEZEMERRREEARER
ERLH BRI AR XARELENRE, AMTREFE
43647 Bk HEAT A R B SR EL B A B SRS BB M A A SR HE
5, AR H B R AR AT

SR8 B304 (4 1000 4N E A9 348D 7Y LA
TFIDF(Term Frequency Inverse Document Frequency)[* &
TR BT SCAFHEZE I, H R IF R IEESOR E 28K Fr
AP ABIERY , B, MR A5 &5 T
XAREFIBK  MEWE AR —FHBM A, P E—K
HRAFALBR R XE TR, B —EHIE ™ NE
B4, B—F BT CHR S A SCE, Pl gE R — Bt
o] EIVERRA R £, FE S5 EEZ R TEELER
%, 3 BB ME T R XA B —fp b B R A3 A.
BRI o ot 33X SCAS 34T SCA RFIE S T , 6 iRl 7E XA P
Bl TF HH A RERT R X e B XA P &
EEE.

W U, EA, ERTRSEOMREEEEAR . T X P,

« 202 -

2 &%y TFIDF #%

R H SR 5 A E E M 3 3 (Term Frequency Inverse
Document Frequency, TFIDF) & Gerald Salton i Mc Gill &}
X (] B2 5 BRI B B I B e X XA S BT
FHEBA D) . BRIEFEA AR (Term Frequency)
FO 3 H Bt 93045 A 55 38 (Document Frequency) 3338 17
RN LEES FHNE, RS KB ERATIIEER.
WERE, XA ZE ARSI X N8R, SUHEKX
SHEESIRRERE .

PRt , DR S0 £ ) 1 HARAE ) Bk R , BN AR
fER—RFIW ¢ WES . BN ¢ mfLAm E—AXF0REL AL
{8 w, IXRESCA R T HIE AN (2, w) BIXT IR . Tt stz 5835000,
) REXEABRHIHET, TLLEFE - n EHNRERR. 1
1B Cwn s wn sws o+ s ) 7R SCAS K AE T XF L AR, 581 3C
A M d #R AT BT RS ] b B —AMREE ] B

V() =Ct1swn stz sz »**" sln s W0 )

T ¢ MBE—XAd K, £ d PRERHTRELAR
H:

—tf AD|
w(d,t) tf(dyt) Xlog(df(t))

Hef,ef(d R t fE3XA d PHIMBE ,df (O R1A ¢
XEEEPHATHXANEE, | DI RENMXERESHI
FREE. MR- NAEENXFESFHROBERS,

B df(O-F (D w,log<2%>ﬁa=$,mﬁﬁfs w(dyt)

R/, BRE R IAN SCA B X A B8 LB S . RE LAY
R, Y AR w(d, OE N KB ANERRF P 18 E 3 E B RfE R
FROUA BRI , 42 XA AFIE I B


http://www.cqvip.com

KRB E—FEAN T R P BB LR,

THBR T 764 30 P U BOB R B0 SC AR L TEKR B A
IR , X F B TRIRAR 26 B B A S AR AT AP AE RS BUBU R HE 32
¥,

BT FEX PUEBIR SCA AT RHMESE B , InfeI 858 45
WHAFTRHMEE BN SCATE B R MBI MR . #TR
UAHIESE B SCA S B K U PT BB BB XA A 21 BIR
R HATRHEE R R YR R AT R P BIRIE X, XA
TERE AN ARMEEN b SCHR P IR W e 4

D000 http://www.cqvip.com|

REEMBIN XA K260, Wit fifé4 TFIDF XX
SCAS HEATARAE BE BRFF FE BRI

3 #if#y TFIDF ®i%

BtXEX A R R, BATTHE A8, 7E XK SCA BEAT 4R AL 5 B
i, IR BERSE th BIR A A, ARG TR EVE B A XY SO
FTRPAESE B, XA, FE X BT, R 1A H B S TF st
TR RBERBHACHRXIBPHEERE. Hi, R
AA3IE 1 Wt TFIDF BERAL.

R XK d ARAXE

P ARER R Y |—fTsinD |

e VB EL]

‘ TFIDF &ﬁiﬁ 7%

T A ERARE 3 3
RFWABFERA
/ziﬁu WHEE N %——- + K TFIDF #4E % 5

&
W aRRE— sk e A mwuéwxﬁiag

XAKdRANERS
B o=% o+l

TFIDF EH it ¥ £ M S
& B A XK AR E

»

B 1 B#ts) TFIDF Bikisa

RSP, BEBY —TWXARE. BREHETXR

FREERAE kMUEAR R SR SO RRE () &, B AR

e EEE R
S={Sl Px‘% 152 s Wy ,"‘,Sk ’Wk}
ﬁq:yslz=(tl¢1 sWel s T2 s Wh2 9°*° s L s'LUIm)GV(d)

w; =max(wi s Wiz »*** » Wi ) » HHL P RIE R BER K
RIS, AR|Z M, .

%t TFIDF $#4F 46 B B4 E 0 T it .

L AR ICA, XJ‘ EXE#TH AL EG BB H LR
HES T;

2. FIf64 TFIDF i+ 8 T $ A X iH7E S PRHNRE,

BRAHIABERER V@D =1 ,wi st wr s sty w3
LHE VD=0, w trswn, sty w) SBNEE S
FIMLE TSin(D):
TSin(D)= 2 (u: * ;) * w;

i=1ltom, j= lion
ﬁqﬂ,v.-GV,tjGSk » W €S, & v = S v % t,~=1,§)ﬂ'J (4
*t,=0,

4. % TSin( DB RERFE—-IAETHER WKV

(DIMAB TSin(DBKRWES S. P,S. PRPRICARELR
g m—1, EUWAH VIO REFNR—IFHEE, LU VD
SRHFAE ) B A R — N S,,HimA@J S :P i’)‘)‘CZFﬁ!E)ﬁ
Ser1 PHBIRFES, :

5. X MAVDEHEES. B Sin :Pﬁﬁﬁjtzl:ﬁlkﬁﬂi
TFIDFHHEHNE,. BRAFHNXEFFEME V (D=,
Wit W e sl mrwn)e

6. WFAUEST V' (D) PR ESITHERF B HPRER
FHEREMIFER. ﬁﬂ%@]&@é&%ﬂﬁ#ﬁ?ﬂﬁ/\iﬁim
KA.

DT RBEARERE EW R AR E S % I@é&%ﬂﬁi,
B,
© owy=wy * 0. 54w, #0.5

FHorp, wws PR FIVRPE 3 7 3 RB AGSE R BIAA H » w K

ERT SR AV X R R AL E, IR LR A
VR 0o R 36 SR T AN B 28 Al BE AR, U T s EEAIADKC,
wy HEAIR/AN , X T BAR R P

IRBK AR PE 3% P TR A, MR i i X
), HAE R B TSR H X R RALER 1/2,

8. WIRESHE MR AU BE o 1 B A SR A AN AR
15 F B BME AT U BR , 746 TR 3T £ B A B R AR
-1

4 LRSS

RATUT AR R R KBRS R P BIR ARy
WiAEA, X 132 AR 3CA A T4, 74 A T b
BRI X R IFELRE R 169 4. % TFIDF &
WA AT RHMEE IR B X B L st T -l 5
BRI AHRFLME 1.

4 1 TFIDF st #75 £48H A

TFIDF Bt fa i TFIDF
X 336 350°
3 155 105
Ji st FREAER 0 38
TFIDF B3 3Epl e A R i 2.
% 2 TFIDF it o7 6 % 60 ik iviE
- * TFIDF Mo 5 Ry TFIDF
ELE | 76.02% 91.93%
68.43% _ T8 70%

R

DA b SRR BT , Bt J5 89 TFIDF B % 304 RHAE 3
BUNESERET 15. 1%, EHERER T 10. 27%, BHT
MR TFIDF B3

NG EMSEBRY X R I T A M R X —

+ 203 -


http://www.cqvip.com

MEIEXAFRARFRBR. EETATNWRIRE PR
WK SCA BEAT SR B AE S B 0 F] ) 82 LA T 3 i XA AT
XA HRELR . B-, EMIXRIRERE K, MR
FEH ARy — i 1 RE 8 P KRR P2 )8 0 3 R T R
FEHFERS 3 BB SUAR AR IUE e M R AR AT
1B TE SR B AR T X RS . A mT R AR P Y
B SR A A e R P P 55 25 +P B U B B L G A
it 1 B A IR R R B X A R

2% xH

1 Han Jiawei, Kamber M. Data Mining Concepts and Techniques
(M. b - B FHEF B AL, 2001, 285~295

D000 http://www.cqvip.com|

2 EHRBERKER. Web IURZHEART R HHEHHR
5% ,2000(5): 513~520

3 Li Fan, Lu Mingyu, Lu Yuchang. Research about newmethods of
text feature extraction[J]. Journal of Tsinghua University (Sci-
ence and Technology),2001 (7) :98~101

4 Luo Jie,Chen Li, Xia Delin, et al. Research on Fast Text Classifi-
er Based on New Keywords Extraction Method [J]. Application
Research of Computers, 2006(4):32~34

5 Kantrowitz M, Mohit B, Mittal W. Stemming and its Effects on
TFIDF Ranking[ J]. In: Proc. of the 23rd annual international
ACM SIGIR Conf on Research and development in information re-
trieval. New York: ACM Press, 2000. 357~359

6 Colliez J, Dufrenois F, Hamad D. Optic Flow Estimation by Sup-
port Vector Regression[]J]. Engineering Applications of Artificial
Intelligence,2006,19(7) ;761 ~768 .

7  http://bbs. ctbu. edu. cn

(L% 201 30
k. ART—BRERBFXOKER MEMEEK. F40
TR R R AR B BT R A5 B T BB A B AR, 0 SO [ B
BB R AR H ST & A As i, W AR —
AN B BEAS B 1k 3R R 3 6 Bl DU T 0 P9 2 5 T 9 R 4 B
fB Aok %o MR R 2t 1 TR T LA R 43 P TR A IR
MR 53 R A R 2 55

ORXFTE A

AR & A RESBER, RAPRORER, #18
YA T, BB TSR A Chenl™ 48 A2 M B K IFIBT 5| F B
B(EHA MFP) REXHEF. X TFHIMAF2WE AFH
Wl AR, BRI RN -1 5%, XBE
— 5 e X h—HTER VIR, NSE—3 |, EEI R4
mEE¥A L. BIEESIE XA —MARERFEEGPHA
W, /5 ARG IEE S ERmME 5P BN — T,
Y RIEET BB, R — S5, KRB K BT
SIRFFIRNEIET

UL RS
Stepl : BIHRAL B XFFHE B K 0 BT 3| RS9 7 5 54 22
BRI EHILR .

Step2: FRMBARFE , AT AT B RE SR B K
FIRTS 5.

Step3: EA $AT Step2, ERIBA MM B K FFI5 FHFF]
Ak,

BRRIL.

WA KR B85 W51 B 5

Wi BXFF

Stepl 14k : & i=0, 7 S= NULL//74$ TH
AL BT RTS A,

Step2: While(s;1 R H siv1 b s; BEO (s B S;i=
i+1;) %8 s B S;//S BN BRKHEGIA.

£ S MBI ;i=i+1; MR s, =NULL,
o, # BB (Stepd)

Step3: while(S; . Si1 KED /MM R SRR ES|H

{i=it1;}j=i—1;

while(s[j b (150

{B% s[5 — — 5 )£ 35 Step2.

Step4 : End

Answer=Maximal Sequence YS,

2.6 NBRMEHEBAOTMLE

PRSI BOE B T R AR 48 LK IR A 48 Web T

204 -

W, &

T R 3CAS R L script DA &% Web TR i (6] AR S B S BB 5%
W T Web {# A, PIIRIE—1 Web K
XARNE, R ETE Y RS, BT Web THME
0891 114 Web WU 2 o] BB 215 B IS Web 35 503
HhEEWE,  HTFHHRAP .

2.7 HERLEMHGSRE

Z30 TS, AT AR -1 TEES P={p,
Drsbur s D) HI— NP BEEEEG T={t ts,sta } P &,
ETRPHTE. BIMTULE—-NEF BRE—-THA!
KEMFEFIT = (A WP, (£, W(ph)),oeey (pf, W
PONHHA pi(i=1,2,-, D P PHTE, W(pH) R T E p!
EEFPHNE. AEHRETLRERRHTRERBAF
FI3R ms R (7 I 3 P O R 1B SRS , — R RAUIE S — ) 3%
AE—PMEEFPRXITARETHFE, A —HEFERAPEX
ATk BB B B 1R] ) B 2, 2 B R iR P, DU B R 8
SRPRENTmITEN. PRSI USERES(RE
BRI P 2 EIBFEE B BT LE R F 5] CE R 2ZEM
IS B » X T B AR R0 AR ) BARYE .

BE NET Web {FHEH WA TE—EdE WL
KR, AR R B HFETARE BB LR ELM
TR AR BB IT IR, o BT LIRHE Web
5 B3 i B PTEBLEERE  3F TR0, R Web RS
AERR I B,

2 X XM

1 iﬁé—ﬁ‘%?ﬁ. BESESMHRARIMI. Lx. REAFTFHR
,200

2 Pyle D. Data Preparation for Data Mining. Morgan Kaufmann
Publishers Inc, San Francisco, CA, 1999. 540

3 Cooley R, Mobasher B, Srivastava J. Data preparation for mining
World Wide Web browsing patterns. Journal of Knowledge and
Information Systems, 1999, 1(1):5~32

4 Tan P, Kumar V. Discovery of Web robot sessions based on their
navigational patterns, Data Mining and Knowledge Discovery,
2002,6:9~35

5 Jetal S. Web Usage Mining; Discovery and application of usage
patterns from Web data[JJ. SIGKDD Explorations, 2000, 1(2):
12~23

6 Cooley R, Mobasher B, Srivastava J, Data Preparation for Min-
ing World Wide Web Browsing Patterns[J]. Journal of Knowl-
edge and Information Systems, 1999, 1 (1): 5~32

7 Chen MS, Park ] S, YuPS. Data Mining for Path Traversal Pat-
terns[A]. In: Proc. of the 16th Int’] Confon Distributed Compu-
ting System[C]. Hong Kong, 1996

8 Perkowitz M, Etzioni O. Towards adaptive Web sites: Conceptu-
al framework and case study[JJ. Artificial Intelligence; 2000,
118:245~275

9  Etzioni P M. Adaptive Web Sites; Automatically Synthesizing
Web Pages[ A]. In; Proceedings of Fifteenth National Conference
on Artificial Intelligence[C]. Madison, 1997


http://www.cqvip.com

