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Key-Frame Extraction Using Nonparametric Clustering Based on Density Estimation

CHEN Zhuo-Yi
(Department of Computer Science, Handan College, Handan Hebei 056005)

Abstract Key-frame extraction has been recognized the important research issue in content-based video analysis. In
this paper, an efficient key-frame extraction approach is presented based on nonparametric clustering, which provides
the capability of browsing digital video sequences more efficiently, Integrating color and motion information is used to
descript frame content, then key-frame extraction is accomplished by density-estimation-based nonparametric cluste-
ring, the mean shift method, which can efficiently analyze complex multimodal feature space and delineate arbitrarily
shaped clusters in it. An experimental system has been build up. Experiments verify the effectiveness of the proposed

approach,
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