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Abstract Naive Bayes algorithm is an effective simple classification algorithm. Since its conditional independence as-
sumption is not always true in real life, its classification performance is affected to some extent. Weighted naive Bayes
(simply WNB) is an extension of it, Based on the attributes’ importance degree theory of rough set, a new weighted
naive Bayes method is proposed. Methods for determining the weights of attributes in the algebra view, informational

view and both of them are developed respectively. Simulation results on a variety of UCI data sets illustrate the efficien-

cy of this method. »
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H3 2.1054 0. 3574 0. 5963 0. 9408
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4 Car-Evaluation 6 4 1728 N N
5 Iris 4 3 150 N Y
6 Lung-Cancer 56 3 32 Y N
7 Mushroom 22 2 8124 Y N
8 Pima-Indians-Diabetes 8 2 768 N Y
9 House-Votes-84 16 2 435 N N
10 Zoo 18 7 101 N N
11 . Glass 10 7 214 N Y
12 Wine 13 3 178 N Y
13 Hepatitis 19 2 155 Y Y
14 Letter 16 26 20000 N Y
15  Chess(KR-VSKP) 36 2 3l%6 N N
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i accuracy (%) accuracy(%)  time(s)  accuracy(¥)  time(s) accuracy(%) time(s) accuracy(%) time(s)
Balance 77.1242.82 83, 121,12 1. 150,07 767243, 60 1.32-0.06 81,88L4. 43 1,40+0.14 80.72+2. 05 1.37+0, 10
2 Ballon 90.0413.69 75.0+17.68 0.1240,01 80.0L£11,18 0.2140.07 80,011 18 0.33+0.07 90.0+13,69 0.2540, 02
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7 Mushroom 69, 464, 16 71. 76+ 18. 33 38, 3010, 42 78,811, 94 25.81%1.17 80. 143, 15 48. 80L0, 71 83.6416.07 53, 6618, 67
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11 Glass 64 52£8.75 56.58+7.60 0.63+0.01 67.7842.01 1,4840.23 65, 842,20 1.56+0.20 66.5246.45 1,620, 01
12 Wine 81,88+5.89 85 88+1,86 0.7540,01 86.14-0,74 1 08+0.19 88,62+1.47 1.2540:11 85, 16x4.34 1, 140,03
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EWE 7542 76. 11 7,77 78.5 5.58 79. 96 10. 88 79. 88 17. 04
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