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Hybrid Migrating Behavior Based Self-organizing Migrating Algorithm

LIN Zhi-yi LI Yuan-xiang WANG Ling-ling
(State Key Lab. of Software Engineering, Wuhan University, Wuhan 430072, China)

Abstract Self-organizing migrating algorithm (SOMA) is a new evolutionary algorithm, This paper proposed a hybrid
migrating behavior based self-organizing migrating algorithm (HBSOMA) based on the analysis of the basic SOMA,
which employs the multiple migrating modes in the individual migration procedure. It increases the diversity of the pop-

ulation and speeds up the population-based search process in the multi-modal complex space. Simulation results reveal

that the proposed algorithm is better than the original self-organizing migrating algorithm,
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