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Abstract Text classification is one of the practices of knowledge discovery and designation of the classifier is the most
important part, Comparing with the methods based on statistic theory, classification based on rule learning is a better
one in some situations. A granular computing approach was proposed to learn classification rules by constructing a granu-

le network. The algorithm is involved in a refining process from the largest granule to the smallest one. By constructing

a granule network, text classification rules are learned.
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BRI GENT .
T1={f3,f4}

“T2={f2,13,f4, 7,18, f9}

T3={f2,f3,f4, 18,19 }

T4={f2,f3,f4, f7, f8}

T5={f1,£2,£6,f9, f10}

T6={f1,£5,f7}

T7={f1,f5,f6,f7 }
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#1 WNEXHERE

TEXT fl {2 3 f4 15 6 7 18 9 fl10 _ class
T1 n n y y n n n n n n 1
TZ n y y y n n y y y n 2
T3 n y y y n n n y y n 2
T4 n y y y n n y y n n 2
TS5 y y n n n y n n y y 3
Té y n n n y n y n n n 4
T7 y n n n y y y n n n 4
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BC(TS)={(a=v,m(a=v)) |aE FS,vEV,},
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3.3.3 AABAWNAEZHE

#®2REANEHEAMGHE, BENTEEESFHRA
08 2, MEMER 0, i RFARE LR ME S, ]
EEAMESHHEE, EFHPHEREN. 7 7 kg
RZHRL, R 2 T ERAINE A AOR B AR R4 B Bk,

R 2 HAONRIEFMHEE
B¥ EfER %

AR EXH Class] Class2 Class3 Classd Wi
fl=y {T5,T6,T7 } 0 0 0.3333 0.6667 0.9183
fl=n {T1,T2,T3,T4} 0. 2500 0. 7500 0 0 0. 8113
f2=y {T2,T3,T4,T5} 0 0. 7500 0. 2500 0 0. 8113
f2=n {T1,T6,T7} 0. 3333 0 0 0. 6667 0.9183
3=y {T1,T2,T3, T4} 0. 2500 0. 7500 0 0 0. 8113
f3=n {T5,7T6,T7} 0 0 0.3333 0.6667 0.9183
fi=y {T1,T2,T3,T4} 0. 2500 0. 7500 0 0 0. 8113
fA=n {T5,T6,T7} 0 0 0,3333 0.6667 - 0.9183
fo=y {T6,T7} 0 0 0 1. 0000 0

f5=n {T1,T2,T3,T4,T5} 0.2000 0.6000 0.2000 0 1. 3710
f6=y { T5,T7} 0 0 0. 5000 0.5000 1,0000
f6=n (T1,T2,T3,T4,T6} 0.2000 O0.6000 0 0.2000 1.3710
7=y {T2,T4,T6,T7} 0 0. 5000 0 0. 5000 1. 0000
f7=n {T1,T3,T5) 0.3333 0.3333 0.3333 0 1. 5850
8=y { T2,T3,T4} 0 10000 O 0 0

f8=n {T1,T5,T6,T7} 0. 2500 0 0.2500 0.5000 1.5000
9=y {T2,T3,T5 } 0 0. 6667 0,3333 0 0.9183
f9=n {T1,T4,T6,T7} 0. 2500 0. 2500 0 0. 5000 1. 5000
flo=y {T5} 0 0 1. 0000 0 0

{T1,T2,T3,T4,
fl0=n 0. 1667 0.5000 0 0.3333 1.4591
T6,T7}
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1 T class
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