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Abstract Dynamic fuzzy logic theory is a new and effective theory when handling dynamic, imprecise, uncertain, or
vague information. Autonomic learning has always been an important issue which is concerned by both educationalists
and psychologists,and it is also a hot issue of machine learning research, Axiomatic system of autonomic learning is the
foundation of the theory and application of autonomic learning. By using dynamic fuzzy relations, the axiomatic system

of autonomic learning subspace was established. The axiomatic system was constituted by three independent expres-

sions, further deepening the theory of dynamic fuzzy logic and autonomic learning.
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