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Improved Link Prediction Method for Co-authorship Network
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Abstract This paper specially predicted links in the social network where the class labels of the objects are unknown,
Since that the information of the objects’ class labels is related to concrete social network, it specially solves the prob-
lem of link prediction for co-authorship network. At first, the structure of the co-authorship network was formulated.
Then the class labels of the author objects in this network were defined as either prolific or not. And one improved su-
pervised learning method for predict co-authorship links was proposed. In our supervised learning method, one feature
(either or both prolific) that refers to the class labels of the author objects was increased. When the class labels of the
author objects are unknown, the improved ICCLP which uses the improved supervised learning for link prediction is

used. The experiment results show that using improved ICCLP for predicting co-authorship links in incomplete co-au-

thorship network can get better performance,
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