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New Algorithms for Sorting from Head and Rear Based on Chain List
—— Fused and Innovated Case Study of “Program Design” and “Data Structure” Subjects
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Abstract According to isomorphic fundamental principles, the isomorphic characters and natures of algorithms for sor-
ting from head and rear based on traditional internal sorting were studied and found. Further, several new algorithms
for sorting from head and rear based on chain lists were advanced by using their isomorphic characters and natures,
Therefore, the application forms and applied ranges of algorithms for sorting from head and rear were deepened and ex-

pended. Provided an important studying case for fusing subjects, teaching reform and innovating education of “Program

Design” and “Data Structure”.
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