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Abstract

among Web pages. We proposed a new method of mining inter-transaction association rules, that improve the Mafia for

Mining Web inter-transaction association rules is to predict the users’ interesting by finding the relationship

getting the maximum frequent itemsets and the relative CUI(Common User Intersection), transform the maximum fre-
quent itemsets from intra-transaction into inter-transaction, analysed the relationship among different users and analysis
the visiting information of Web pages. The association rules among different users instead of among different Web pages
can be found. The experiment proved that this method provides more Web pages which could content users’ interesing
and serve the users more personalized.
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