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Application of Text Classification in Marine Information Processing
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Abstract Text classification is a very important research field of data mining and machine learning, applying text classi-
fication technology to marine knowledge becomes an important point. Studied the application of text classification in ma-
rine information processing field, gave the design of text category system. Improved feature selection of ¥* and naive

bayesian categorization algorithm were in presented detail. Experiment shows good results and satisfying “Digital Ma-

rine” practical applied requiring.
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