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Abstract Pattern-based knowledge acquisition is an important research area in the research of knowledge acquisition
from text (KAT). One topic of this research is how to harvest textual knowledge patterns. A novel method on acquisi-
tion of preposition-verb patterns (PV Patterns) was proposed. First, candidate preposition-verb pairs (PV pairs) were
generated, and filtered by a combination of a rule-based method and statistical methods. Designed two criteria to evaluate
PV patterns; coverage on instances of semantic relations and relevance among the concept words and pattern words,
which lead us to construct six numeric features for PV patterns. Three classifiers were trained using these six features.

The precision rates, which are estimated via cross-validation, of three classifiers are up to 0. 853,0. 862 and 0. 856, re-

spectively. These classifiers provide a solid basis for automatically selecting PV patterns from PV pairs.

Keywords Knowledge acquisition from tex, Text pattern acquisition, Pattern classification
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