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Simulating User Behavior of Video-on-demand Systems of 3TNet and Application
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Abstract Analyzing media server of 3TNet video-of-demand (VOD) system, the study focuses on user access patterns,
popularity distribution, with the result,a simulation platform for user behavior was proposed. A general mathematics
model for user behavior in VOD system was built to present the distribution of user visiting action. The simulation indi-

cates that the platform objectively reflects the user action in VOD system, and using this platform simulates a VOD sys-

tem to prove its usability,comparing two deploy algorithms’s performance,
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