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Abstract Protein structure prediction problem is one of the most prominent problems of bioinformatics. Lacking pow-
erful optimization method is the key obstacle to solve this problem. The energy landscape paving (ELP) method is a
class of heuristic global optimization algorithm and a generation of Monte Carlo method,and has been successfully ap-
plied to solving many optimization problems. Based on the ELP method, an improved energy landscape paving (ELP+)
algorithm is put forward. The ELP+ algorithm is applied to the 2D off-lattice protein AB model to predict protein

structures of four amino acids chains with lengths n=13,21, 34, and 55, respectively. Experimental results show that

the ELP+ algorithm is quite effective in the protein structure prediction problem.
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