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Abstract Understanding the function of software code is important in software reuse. Topic modeling technologies can
mine the latent topics from software code, which represent the software function, But these topics lack unambiguous ex-
planation that make them hard to be understood by the developers. Latent Dirichlet allocation (ILDA) technology is one
of the popular topic modeling technology. There are studies which have used LDA to mine software code and get a good
result, but there are also the problems in topic description. In this paper, in addition to the use of topic modeling techno-
logy to generate topics from source code, explanatory text descriptions were generated for code topics from software re-

source such as documents, pairs of question and answer, mailing lists and so on. It can help users to understand the func-
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tion of software code. The experiments show that the approach proposed in this paper is effective.

Keywords Software code, LDA,Code function mining, Software document, Summarization
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