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Abstract

alize well and that is directly associated with the eignevalue of the kernel matrix. According to matrix theory, we can

Analysis shows that the regularization term in the KMSE model is a term that aims to make the model gener-

know that kernel principal component analysis is an intermi process of implementing KMSE., In fact, the KMSE model
will further convert the obtained principal components into the computation outputs to indicate their class labels. The
KMSE model can be considered to be a model that implements feature transform based on the principal component anal-
ysis in the feature space. This paper also presents clearly the theoretical relationships between KMSE and KFDA, LS-
SVM,KPCA AND Bayesian decision function, In addition, the performance of KMSE,KPCA and the method developed
in this paper are tested through classification experiments.
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