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Study on Class Incremental Learning Algorithm Based on Hyper-sphere Support Vector Machines
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Abstract A new class incremental learning algorithm based on hyper-sphere support vector machines is proposed in
this paper. For every class, hyper-sphere support vector machine is used to get the smallest hyper-sphere in feature
space that contains most samples of a class, which can divide the class samples from others. In the process of class incre-
mental learning,only are the samples that belong to the new incremental class trained. Therefore, the class incremental
learning can be realized in a small set of samples and a small memory space. The training time is reduced largely; be-
sides, the history results of the classes that have nothing to do with the incremental class are saved at the same time, For
the sample to be classified, the distances from it to the centre of every hyper-sphere are used to confirm the class that
the sample belongs to. The classification method is simple and the speed is fast. The experiment results show that the
. algorithm has a higher performance on training speed, classification speed, and classification precision,
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