£ 000 http://www.cqvip.com|

HEYLENSE 2008Vol. 35Ne. 8

ETRBEXRANBEESEERARR

TEE W M FRitE
(ERA¥UHHNAZEERARR # X 210093)

Hig—
(EFEARFRUFHAERELLRE B 210093)

H OE OATHRAEAGERET RS R 2R R b R ALA R B HOE RN X R 6) % 1R AT B e ik
then- "4 $ 20 £ H 4 LRI, EAES W, ALEAABETRAXAGBREN AR KB HE LA
BREFTHER, OEANERPERS R REHR TR - FHAEABZPRETE.

XA ZAEPME RIFEE KX R BRE

Research on the Dominance-based Rough Set Approach

JIA Xiwyi YU Shao-yue SHANG Lin CHEN Shi-fu
(National Laboratory for Novel Software Technology, Nanjing University, Nanjing 210093, China)
(Department of Computer Science and Technology, Nanjing University, Nanjing 210093, China)

Abstract Dominance-based Rough Set Approach (DRSA) is different from the Classical Rough Set Approach (CRSA)
because it takes into account preference orders in the domains of attributes and in the set of decision classes. Therefore
the rules as ‘if+--then--+’ are more suitable and popular in practice. In this paper, the general concepts and characters of
dominance-based rough set approach are introduced firstly. Then some applications of dominance-based rough set ap-
proach in data mining are presented, including rules generation and attributes reduction. Finally the status quo and fu-

ture work of research on dominance-base rough set approach are discussed.
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