P 000 http://www.cqvip.com]

BB 2008Vol. 35No. 6

—MFNEMB RS XBEEZREERAEY

B E REP B =
(FRBIAFHENHNESRA¥KR &K 210094)

w E

A X Kok
EP AR EF Y WX SRR Y T REY ¥

AR T —HHGEM SRS K, EIEAENEREAF— PR
HBAE, I LAEFABBA R~ MR E B MR KRR, I, £ B
ERFT*®, BE, :?km%ﬁl?v—fi&i-?&%%%x&hé:% FERERAAELR B

Y
B bk e
e 2
2 ¥
B2
- Loand
b -

A Novel Fuzzy Multiple Spheres Classification Algorithm and its Ensemble Method

GU Lei WU Hui-zhong XIAO Liang
(School of Computer Science and Technology, Nanjing University of Science and Technology, Nanjing 210094, China)

Abstract In this paper, a novel fuzzy multiple spheres classification algorithm is proposed. In the training process all
training samples of each class are covered by the constructed multiple spheres. Each of sphere encompasses as many
samples with the same class. In the classification process a fuzzy membership function is defined to label the testing
samples. Moreover, an ensemble method based on the proposed classification algorithm is presented. Finally, experi-
ments on four real datasets show that our approach is valid and has encouraging pattern classification performance,
Keywords Pattern classification, Mountain function, Fuzzy membership function,Classification ensemble
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Data sets BPNN K-NN SVM FMSCA_MF
Australian 0. 8184 0. 7633 0. 9687 1. 0000

Balance 0. 9260 0. 9040 0. 9753 1. 0000

Diabetes 0. 8923 0. 8282 0. 9381 1. 0000
SVMguide2 0. 9977 0. 8553 0. 8529 1. 0000

F 2 EAFIRE PR IAT IR A E KRG ERR B

Data sets BPNN K-NN SVM FMSCA_MF
Australian 0.7313 0.7173 0. 8182 0. 8425
Balance 0. 9006 0. 8976 0. 9516 0. 9530
Diabetes 0. 8245 0. 7962 0. 8544 0. 8906
SVMguide2 0. 8269 0. 8188 0. 8309 0. 9023
£3 =FHEILREREMHLE
Data set FMSCA_MF FMSCA RS £ rE#
sets
WAKERENEHLKERE L XERE
Australian 0. 5942 0.5913 0. 5942
Balance 0. 8800 0. 8720 0. 8800
Diabetes 0. 7296 0. 7264 0.7427
SVMguide2 0. 7179 0. 7391 0. 7628
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