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Research of K-means Clustering Method Based on Parallel Genetic Algorithm
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Abstract As K-means Clustering Algorithm is sensitive to the choice of the initial cluster centers and it’s difficult to
determine the cluster number, we propose a K-means Clustering Method Based on Parallel Genetic Algorithm. In the
method, we adopt a new strategy of Variable-Length Chromosome Encoding and randomly chose initial clustering cen-
ters to form chromosomes among samples. Combining the efficiency of K-means Algorithm with the global optimization
ability of Parallel Genetic Algorithm, the local optimal solution is avoided and the optimum number and optimum result
of cluster are obtained by means of heredity, mutation in the community, and parallel evolution, intermarriage among
communities, Experiments indicated that this algorithm is efficient and accurate.
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