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Semantically Improved Automatic Keyphrase Extraction

FANG Jun GUO Lei WANG Xiao-dong
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Abstract Keyphrases provide semantic metadata producing an overview of the content of a document, they are used in
many text-mining applications, In the process of keyphrases generation, we notice that the distinction between lexical
level (term for meaning) and conceptual level (the meaning itself) can result in inaccuracy, In order to solve this prob-
lem, this paper proposes a new method that improves automatic keyphrase extraction by using semantic information of
candidate keyphrases, Our keyphrases extraction method, in contrast to current methods, outputs the senses set in-
stead of terms set by using word sense disambiguation method, as sense has only one unique meaning, Semantic relat-
edness between senses of candidate keyphrases is taken into consideration in the stage of term conflation, feature calcu-
lation, and evaluation. We evaluate our semantically improved method against the well known Kea system by using a
more effective semantically enhanced evaluation method. The inter-domain experiment shows that quality of keyphrases
extraction can be improved significantly when semantic information is exploited. The intra-domain experiment shows
our method is competitive with Kea ++ algorithm, and not domain-specific.
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