£ 0 0 0 http://www.cqvip.com]

HE PR 2008Vol. 35No. 6

HRZ MBI ARIRAELRR

NAE LY KW OH EE
(EHRAEHHNHEEHARER K& 130012)

B OE MARERBEASN A S, AR SRR A A%, HREAE QKT L A M3 T i,
THBRBHAARFEEA S 52 8. ERMBREBIORR S HTRFR D IR E TR Web iR %
WARATHABE ok~ A RS S ARG R AAAIER, B 55k JOR R R ALAT R B 16 69 7 5 Ao K,
FARRART AR,

KR MR EARE, FERS,ERAEARN

Survey of Data Mining Technology Standards
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Abstract With the increasing use of data mining techniques, various data mining tools and systems have come forth. It
is urgent to constitute data mining technology criterions and standards in order to standardize the methods of software
development and data exchange. We have consolidated all the current popular data mining standards and divided them
into four kinds: process standards, interface standards,language standards and Web standards. In this paper, we first
illustrate these four categories of standards respectively, and then design an application framework using these stand-
ards, at last summarize the problems and challenges that exist in the domain of data mining standards and view the fu-

ture development of data mining standards.
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