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Study on the Approaches of Dynamic Attendance in Video Sequence
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Abstract Dynamic Face Recognition based Attendance System(DFRAS) by using Gabor filter and Fisher Linear Dis-
criminant Analysis(FLDA) is realized successfully. In this paper, the algorithm’s idea for DFRAS is that human local
feature is extracted by using Gabor conversion, furthermore, the best discriminant features conducive to classification
are extracted by FLDA, and then recognition outcomes are come from comparing video face image with trained image
base. Experimental results indicate that this method for Face Recognition based Attendance System has the advantages
of high recognition rate, good practicability, robustness and so on. ‘
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