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Face Recognition Based on Gabor Wavelet and S-ISOMAP

FENG Hai-Liang LI Jiann-Wei HUANG Hong
(Key Lab. on Opto-Electronic Technique of State Education Ministry,Chongqing University, Chongging 400030)

Abstract In this paper, a method is proposed to recognize the face using Gabor feature and supervised isometric feature
mapping(S-ISOMAP). Since the original feature vectors may include redundancy such as high-order correlation which
cannot be removed by manifold learning algorithms, Gabor wavelet is introduced as a method to extract their corre-
sponding Gabor magnitude features (GMFs) by convolving the normalized face image with multi-scale andmulti-orienta-
tion Gabor filters, Then, S-ISOMAP operates on GMFs to extract the discriminative submanifolds, Furthermore, the
nearest distance classifier is used for classification. The proposed method is robust toillumination, expression by com-

bing the Gabor transform and supervised manifold learning. Experiments with YaleB and PIE databases show that the

approach is quite effective,
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