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Two-class Text Categorization Method Based on Naive Bayes and GA

WAN Di-Fei FAN Xing-Huan WANG Guo-Yin
(Institute of Computer Science and Technology, Chongging University of Posts and Telecommunications, Chongging 400065)

Abstract A two-class text categorization method based on Naive Bayes and GA is proposed. It transforms a Naive
Bayesian classifier into a problem of search for a division line that fits the text data set distribution in a constructed two-
dimensional space, A genetic algorithm is used to search an optimal division line on unreliable text area. The experi-
ment results on a chinese text data set consisting of 12600 texts show that our method has good performance and effi-
ciency. The precision, recall and F1 are 97. 98%, 91.05% and 94. 39% respectively.
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