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Bayesian Classifier Based on the Fast Attribute Selection for Intrusion Detection

WANG Xiang HU Xue-Gang
(School of Computer and Information, Hefei University of Technology, Hefei 230009)

Abstract As a consequence of the increasing security problems and huge data in high-speed networks, it is urgent to
develop new Intrusion Detection Techniques. Naive Bayesian is one of the most important approaches in data mining,
and it has a high ranker in Intrusion Detection. According to its conditional independence assumption, it is very critical
to select attributes, which represent raw data, quickly, and effectively when processing huge high-dimension data in
networks. This paper proposes a Fast Attribute Selection idea combined with Naive Bayesian Classifier, which is used

in Intrusion Detecting. Experiment’s results show that our idea has high precision and low cost.
Keywords Fast attribute selection, Naive Bayesian classifier, IDS
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