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New Analysis Method for Self-similar Network Traffic Based on the Differential Analysis
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(Department of Electronics & Information Engineering, Huazhong University of Science and Technology, Wuhan 430074)

Abstract The fact that multimedia network traffic is with heavy-tail character and self-similar character has been
known to researchers, At the same time, Alpha-stable process, the extension of Gaussian process, has the advantage
of modeling heavy-tail character and self-similar character. Alpha-stable distribution and Alpha-stable process are intro-
duced at the beginning of this paper. Then after analyzing of current network traffic models based on Alpha-stable
process and Linear Fractional Stable Noise (LFSN), we advance a differential analysis method and a new parameter es-
timation method based on difference analysis. Results of analysis of actual traffic data from Bellcore show the method
can get parameters precisely.
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