£ 000 http://www.cqvip.com|

HEHLRL2E 2008Vol. 35No. 3

ETRERYHNIFaENIEEEE"

kg B ¥ 5 &
(AR IR LK% v /RE 150001)

B E RE-ANGEATOIRYNAROGTIHEXEI %, AFERBAROEALTSHFHILRAG
FRYGF R EH AR R TERRAF AT RAARER, BBRREA TERA LHFOTHH
ABRAFEFE, AL LT IRFOEINI %, Bid i s H AR T b R A K E KKT F469 287, Bkl
IHOFOXFOERLGPIM, AZRLES LM, FRAN ATOTRYHAFGENE TR ETAAMN
B WNGHAS BRI XL REINGOHRE, Kfa LA LIFHET R,

KR HEAEAFOIN,HITRY, ALREK

Incremental Learning Algorithm of Support Vector Machine Based on Vector Projection

ZHANG Jian-Pei ZHAO Ying YANG Jing
(College of Computer Science and Technology, Harbin Engineering University, Harbin 150001)

Abstract A new incremental learning algorithm of support vector machine based on vector projection is proposed. The
geometric character of the support vectors is used to extract the simples which can be the support vectors most possibly
from the original simples and the incremental simples, avoiding the invalid per-extracting. The simples pre-extracted
are used to generate the bound support vector set, on which the support vector machine training. It is used to solve the
transferring between the support vectors and no-support vectors whether the original simples satisfy the KKT condition
of the incremental simples, which can deal with the history data efficiently. The experiment shows that the algorithm
can greatly reduce the number of training data in incremental SVM training, speeding up the training process, which
has the better generalization performance.
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