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Level-Set GPU Evolution Algorithm Based on B-spline

YUAN Bin
(Institute of Applied Physics and Computational Mathematics, Beijing 100088, China)

Abstract Most of Level-Set evolution models are based on mean curvature or gradient, which don’ t facilitate preserving
threadlike features while removing noise in 3D dataset. Upwind scheme is often used to solve Level-Set equation, which
has lower precision. This paper designed high order Level-Set evolution equations based on curvature difference and hy-

brid GPU solver based on B-spline and central difference. Experimental results show that the level-set equation based on

curvature difference preserves threadlike features while smoothing dataset.
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