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Design and Implementation of Nearst Neighbor Query in Spatial Network Database

SUN Ya
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Abstract With rapid advances in wireless communications, databases, and positioning technologies, it becomes possi-
ble to offer new e-services that provide mobile users with information about points of interesting. K nearest neighbor
queries is essential for location-based position. In this paper we investigate k nearest neighbor searches in spatial net-
work databases. We propose a road network architecture that integrates network and Euclidean information. Based on
the architecture, we develop an efficient algorithm that calculates nearest neighbor. Experiments show that the algo-

rithm outperforms other algorithms in high object density.
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