PO 00 http://www.cqvip.com]

HE PR 2008Vol. 35No. 2

— FRSCH = (E B 45 F B B0 DNA B )

KEE MR BmE REY
ERMAFHENAFESTRER BN 325035)

B OE SR MEADTERTTHAREOEN, SAETBLROEAHETARA—ANRITHNHET G, Rk
MEZDNASF—HEREXFXO D AFLERBE HRAUBHAEE, AXEARET —~H#ADNASF A
FASMEER BT A, ADNASTHEAXEMAATEMAETHOGME, H LB E"E L P R7EH o1 EM
B, EMRNELSR AT RN SETHER,

XEiA DNAMHE,SMEEH, L LEH

A DNA Computing Model for Three-Valued Logical Circuit

ZHU Xiang-Ou LIU Wen-Bin CHEN Li-Chun WU Gui-Chu
(College of Computer Science and Engineering, Wenzhou University, Wenzhou 325035)

Abstract In recent years, because biological computing and quantum computing are deeply studied, the implementation
of multi-valued logical circuit is becoming an interesting field for researchers. On the other side, Hairpin Formation is
the product of DNA molecules in special hybridization way. It has such advantages as stability in results and strong in
deviationism. This paper puts forward a new method of implementing the multi-valued logical circuit. This method use
Hairpin formation to represent the values of three-valued logic, and it also give the computing model for “AND” and “OR”

operations. This model can be used multi-valued logical circuits which are large scale and low energy consumption.
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