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A Face Detection Method Based on Face Candidates Selector

ZHANG Wei GENG Xin CHEN Zhao-Qian CHEN Shi-Fu
(State Key Laboratory for Novel Software Technology,Nanjing University, Nanjing 210093}

Abstract This paper proposes a new face detection method based on face candidates selector. Using the fact that eye
segments are darker than their neighborhoods, all face candidates are found. Then a face verifier is used, which is
based on Distance From Feature Space (DFFS)method, to get the final face. Experiment shows that this face
detection method has a high accuracy. In this paper, we introduce this face detection method and give the
experimental result.
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