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Abstract

Constraint satisfaction problems are a large category of complex problems in real world applications. noted

for various constraints. Based on the framework of evolutionary algorithm (EA). we solve the zebra-belong-to-who

problem, a classical constraint satisfaction problem in this paper. We devise the matrix encoding and 1ts

corresponding crossover and mutation operators. Experiments show that EA can solve the problem cffectively.
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fitness;

while pss<{14 and t<MaxGen do

begin
perform crossover and mutation operator among P to generate
offspring group Q
select the top N best individuals from P,|JQ, to replace P,;
t=t+1;

end.
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