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Mining of Association Rules on the Basis of FP-Growth in OLAP
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Abstract Mining of association rules is a method to find the relation among the attributes. It is mainly used to find
the relations of transactions in the business transaction records. This paper realizes the mining of association rules in
OLAP by improving the FP-Growth algorithm which is widely used. The improved algorithm converses the cube into
the different relation tables according to the types of association rules, intra dimensional rules, inter dimensional rules

and hybrid dimensional rules. And it generates association rules from the relation tables. This paper also introduces

the method of generating more interesting rules constrained by the factual value in the cube.
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GetFrequentltem(decTable,minSupport)
1. for (i=0;i<<decTable. Rows. Count ;i++)//i+ 8 & AT ) X 5 ar
2. for(j=1;jexdecTable. Columns. Count;j+ 4+
3. if(decTable. Rows[1][§1>0) // iR 5 &5 P A W IRMI{E K FO
4. L[] FrequenTimes+ 4./ /30 $& o XF i/ 30 (9 32 #:5 JE 1
5. for (i=0;i<CL. Count—1; .++)//+%E§¢B@Iﬁ:&ﬁﬁkf‘ XIS EE
E
if(L[i]. FrequenTimes> mmSupport)//j(jJ FRHEENTHITHE

>

7 for(j=1+4+1;)<L. Count;j++)

8 if (L[] FrequenTlme<mmSupporr)//%/J\?:i?#g N
9. L. RemoveAt(j);

11 else W MFF

12. else . RemoveAt(1);
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d FrRAE | JeiF | TR | B | R | Any
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Any 40 220 120 45 75 500

AL1RE]id fE AT S 4 &= R E T4 1 @J&ﬁrﬁ
TRER (TR 2, TOR M 3T H 3 B 1. 4R 2.3
MR RN HEHE2 NREEBIGHETIIEL jb{yT:
A 3T R 3 HFE. 3. F6ME 2} B L S I WA F
HEF .

My FP # 1 FP W48 [ )5 FP-H K B —#.

FRAIXMEHIRA Sk T OLAP 84k LR
e RE BEFEE—TRE . BROr-RIRE HIHEHRAIT
B HRAL AR FRLEEAKRENSH XL KR
TRAFH B, BATIR Y 5 I —F R T ISR GHE.

2.2 BT HEMBENSGH

R AHRAMTITESAS
id Product
FrkAE
TLAHE
TR
B 52
ToRHA

S I [T UV (Y O

AT TR KEEE#THFEMEE, ROIF A mk2
BB EREE . A AT R T RETER . 5F]

+ 114 -

D000 http://iwww.cqvip.com|

K. ERARFHEA TR B LR KRB 7F L

T RAXMGEHRE KT EFES s HHE.
HEmARE MR — IS0 ENE BHX. 5™

R AL R IR IR TIE R ENLL E ER

W2 B TS RN BT ISR R KT B/ S

BE @ A R B - 4R His FPORBS R PiA 4R d 5

BO () AR 9 — W T 45 A0 TR, T SO BEE OB F A B
1R BD 4n B 2R 7% -

GetFrequentltemn(decTable,minSupport)

1. foreach row in decTable

2. if L contain row[1]//In R E1- 4T KB T ITHE -7

3. L{row[1]]. FrequenTimes-++ ;//F X ¥ HE N1

4. else L. AddCrow[1D) . //IN R AT R FE L

5. ¥ T R T T NE R R I

ConstructTree (decTable,L)

1. while not eof (dec Table)

2. pattern=8 MR id ERHFIR. /DO THET L EFE

3 RN

3. [pTree=null;//f@HE LS

4. if(pattern. Count>0)

5. InSertTree(pattern,{pTree) ; / /¥ 3t i F1 45 (4 I 51l Fe 4y A EI
faf o
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GetFrequentltem(dec Table, minSupport)
1. foreach column in decTable//E‘iﬁﬁi?{q’ »—A~ column {t ¥ —14~
HERE

2. foreach item in column

3. item. frequency==the value in cellGitem)//TE3L H k&K
// 33X Y AB T 20T Gitem, anyany) FE R M fTHH, X {7

BP 4 B T E i) [requency

4 tf (item. frequency>>minSupport)

5. L. AddCitem);

6. for(i=0;1<L. Count—1 ;i++)//§§§*ﬁ’alﬁiﬁﬁﬁﬂ¥-?Ziiﬁ

7. tf(L{i]- FrequenTimes>>minSupport) // KT ¥ % & ¢ it 7 HE

i,
L E

¥
8. for(j=1+1;j<<L.Count;j++)

9 it (L{j]- FrequenTimes<minSupport) //E/J\?iﬁg i
10. L. RemoveAt(j);

12. else 185 N5

13. else L. RemoveAt(1);
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GetFrequentltem(decTable ,minFequency ,minSupport)
1. foreach column in decTable//fEXL Fr &, ~ 4> column R FZ —4
HiHE

2. foreach item in column
3. item. frequency=the value in cell(item) ;
4. itemn. factsup=the value in cell(item);
HFEML AR X B E L LT (tem,any,any) ERXH 17
L EEEA cell FLALUIEFMEZ X HEELE
if Gitem. frequency>>minFrequency)
L. Add(item) ;
if (item. factsup>minSupport)

FactL. Add (item) ://;acd_ ERETHFEMESHEL-T

9. for(i=0;1<{L. Count—1:i++ )//ﬁg%* I THEATHF

10. fCLfil FrequenTimes>minSJ:pp;ort) //%E?i'ﬁﬁﬁé’] it 47
ff

@PNFP e

11. for(j=i+1;j<<L.Count;j++>

12. if (L[j]- FrequenTimes<<minSupport)//E /N T HE .,
HFS

13. L. RemoveAt(j) ;

14. else W7 M5

15. else L. RemoveAt(i);
B4 EF—ESARBRBERUZEAEEL-TEERT L

Hyi FP . IR TR M BE - E N, Bt g T2
THIAMPARL-TENT AR RAHMEL-TNE, L%
SUE1- TR M BA i FP W AR InES.
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InsertTree(pattern,fpTree)

1.1f pattern[0] in FactL

2. if fpTree. Nodes contain pattern[0]//fpTree B F 7 & [ & IR
tHF

fpTree. Nodes[i]. Support+ + ;

pattern. RemoveAt(0); //B £ IR E IR

if (pattern. Count>1)

InsertTree(pattern, fpTree. Nodes[1]) // % 4 I 4k 25 1 A

else

fpTree. Add (newNode) ;

TEI R F PR BBk hn, 10 R ULIR;
0. if (pattern. Count>>1) InsertTree (pattern,fpTree. Nodes[i])
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Factory Product Class Count Profit
K S 1 30 7
K S o] 10 10
K w 1 30 8
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M C 2 25 6
M T 3 25 4
M T 0 20 11
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el g AOEE A AlCA T {5 HE SitE
= ? ? 0.1 50
=1 < 30000 ? 0. 05 35
ik >>30000 ? 0. 2 28
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