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Abstract

Noise is an important issue in machine learning and it will bring great effect on machine learning, so to

develop an effective noise tolerance mechanism is a popular topic in current research. This paper studies the noise

tolerance capability of BP Neural Networks under different noisy circumstances, analyzes the noise problem in

Robocup and solves the noise in Robocup with noise tolerance BP Neural Networks. It also describes the

implementation of ball interception in NDSocTeam.
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B BIEITE R IR B E BT 5 Sh o server FIETH
HIEAREENEE.

A1 BrASETRAERTENG 55 5 L B4R

sl Il R B e |fa RN
MR | PRFSE | XHRE XHREE

Pi/2. | 0.5791 2. 6577e-007 0.0872 | 0.9920
b Pi | o0.3611 9. 0877e-007 0.0615 | 0.9956
3Pi/2 | 0.5788 1. 2370e-005 0.0637 | 0.9938
2Pi | 0.2413 5. 7857e-006 0.0686 | 0.9946
Pi/2 | 0.3452 5. 4393e-006 0. 0806 | 0.9943
P2 Pi | 0.9944 3. 0952e-006 0.0849 | 0.9924
3Pi/2 | 0.3415 1. 1054e-006 0.0633 | 0. 9960
2Pi | 0.4042 9. 7019e-007 0.0867 | 0.9921
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