D000 http://www.cqvip.com|

H LR 2004Vol. 31N2. 3

ETFHEZEN Web BERZEBEHEE
wm X
(EXEESETHFERITENE  FK400013)

W OE BARBELATREAPSLEBIRALHNLAAGME, 7 Web 8 &I T ARMBRIEBENEHAN
K O ALASEARARBEN—HEETHRABANIE RRTRAREFII e —, R T 3t £ A HiEM
BB EUARMANSILEHILEE BEREFETARAKEPRLENFL AL BEMARERD 2T —# Web 8
A spRERE FAFTREGO>ITERE,

XA Web 4248, Web 8 &4848 , £ B M AL, 81248, S

An Algorithm for Path Mining of Web Log Based on Concept Lattice
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Abstract  Path Mining is used to discover the regularities when Web users browse and select Web pages along
hyperlinks. The perfect structure of Web log make Web mining easier and more efficient. Concept lattice,induced
from a binary relation between objects and features, is a very useful formal tool and has been used in many fields. It
realizes the unification of concept intension and concept extension, represents the association between objects and
features, and reflects the relationship of generalization and the specialization among concepts, so it is fit for

discovering the potential information of the data. In this paper, based on the Concept lattice, an algorithm of Web log

path mining is presented- And the related analysis and expectation are given.
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