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Abstract

cube. In fact, in order to the request time of OLAP query, data cube is always computed G.e. ,

The existing data cube gradient query language CubegradeQL mainly performs on the non-materialized

materialized)in data

warehouse. In this paper, we present an improved query language dmGQL that can support the query on

materialized/non- materialized cube. Finally, the query processing of dmGQL is discussed.
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# %1 GSCC (Gradient Search based on Condensed
Cube)

Input: (1)the condensed cube D, (2)the dmGQL

Output: the gradient in D

Method :

1. for every tuple p in D

2. for every tuple p tn D

3. if p.q statisfy the constraints in dmGQL output a gradient
between p, q.
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FOPHFUTERNAKXSAR.

(L1) A~ (B~ A)

(L2) (A= (B—C))~((A—>B)~(A—~C))

(L3)(—A->—B)—>(B-A)
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