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Abstract Discovery of association rules is an important data mining task. Several parallel and sequential algorithms
have been proposed in this paper to solve the problem. IDD algorithm 1s an efficient and scalable parallel method
applied in the discovery of association rules in the field of data mining. However, it becomes less effective when
processors increases due to the imbalance. Therefore, IDD is improved by means of introducing approximate
algorithms to solve the problem of load balance effectively. There are two approximate algorithms,one is called online

algorithm,and the other is named offline algorithm. After that,we give the proof of their performance ratic. In the

last part,it is the complexity analysis of the improved IDD algorithm.
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