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Knowledge Acquisition in Vague Decision Table

JTANG Lt LIU San-Yang WANG Jue LU Ai-Guo
(Department of Applied Mathematics,Xidian University. Xi’an 710071)
Abstract A new approach rough set-based for ordering rules acquisition in vague decision table is presented. An
order relation among vague values is constructed according to the degree of suitability that an alternative satisfies the
decision-maker’s requirement,on the basis of which we transform the vague decision table into the binary decision
table. Then optimal rules can be induced using rough set theory. Finally,rules induced in binary decision table are

transformed into ordering rules in vague decision table. Simulation results show that the method is effective.
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