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Abstract With the global prevalence of the network application, there are so many resources on line that have no u-
niform structures and managements. They need to be processed as quickly as possible. The method of network pages
automatically classification with high efficiency is the key technology, which can abstract needed information from
vast network information. For feature selection is the important foundation the field of text classification mining- We
use generalized information theory as the theory base to present the method of regarding quadratic entropy mutual in-
formation (QEMI) as the feature selection. The method can value every feature that has concentrate feature, and an-
alyze the relationships between features and classes to get good features, which help to effectively classify texts, from

high dimensionality feature space, and can also decrease the dimensionality of text feature space. So it can improve

the performance of text classification.
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