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LI Qing-Hua® WANG Hui*? JIANG Sheng-Yi'
(Computer School, Huazhong University, Wuhan 430074)! (College of Communication, Wuhan 430010)?

Abstract Mining frequent itemsets is a crucial issue in data mining applications. The complexity of the problem has
been shown as NP-hard. Parallel techniques are widely used to improve the efficiency of mining algorithms. A novel
and powerful parallel algorithm for mining maximal frequent itemsets, called P-MinMax, is proposed in this paper,
which is based on its serial version MinMax. The new algorithm decomposes the search space by prefix-based equiva-
lence classes, distributes work among the processors by complete inclusive relation between equivalence class gene
itemsets and selectively duplicates databases in such a way that each processor can compute the frequent itemsets inde-
pendently. These techniques eliminate the need for synchronization, drastically cutting down the 1/O overhead. The
analysis and experimental results demonstrate the superb efficiency of the approach in comparison with the previous

work.
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