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Abstract Feature selection has been an important research area in machine learning since 90's of the 20th century.
Great achievements have been achieved , however many problems remain to be unsolved and need further investiga-
tion. In this paper,we make systematic survey on the three combination modes of featuire selection with induction al-
gorithm. We describe feature selection in terms of heuristic search through the space of feature sets,and discuss the
foru factors in feature selection algorithms,in which the evaluation function is detailedly analyzed and discussed. Last
we overview the investigation status of the feature selection,and point out the limitations of current research and chal-

lenges in future work.
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